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Abstract

Marvin Minsky’s Society of Mind theory posits that intelligence emerges not from a single principle
but from the interaction of many simple agents communicating through structured interfaces. For
four decades, this remained a compelling cognitive theory without a convincing computational
coordination substrate. We explore how real-time meeting rooms — where specialized Al agents
collaborate through shared perceptual space including audio, video, and structured data channels -
draw architectural inspiration from Minsky’s society and provide the high-bandwidth coordination
substrate his framework implied but never specified. Drawing on the architecture of a multi-agent
meeting system currently under development, we propose three contributions. First, we argue that
prosody modeling and turn-taking dynamics, implemented through permutation-resolved speaker
diarization and overlap detection, constitute a computational analogue of what Minsky called the
“social” coordination layer: the mechanism by which agents in a society negotiate attention and
sequence action. Second, we connect Minsky’s “critics” to a Trust Production Model in which trust
in multi-agent systems is not a unitary score but the accumulated record of which critics have not fired
- negative meta-knowledge, exactly as Minsky prescribed. Third, we characterize meeting rooms as
high-bandwidth shared perceptual spaces that afford stigmergic coordination unavailable to text-only
multi-agent frameworks. We propose an experimental design comparing multimodal meeting-
room coordination against text-only baselines on shared analytical tasks. Our analysis suggests that
Minsky’s organizational insights — intelligence as coordination, administrative structures over raw
computation, distributed critics over centralized reward — find a natural, if imperfect, echo in the
infrastructure of agent meeting rooms. This is a position paper and architectural proposal: some

components described herein are operational, others are proposed designs not yet implemented.

Keywords: Society of Mind, multi-agent coordination, meeting rooms, prosody modeling, trust production,

coordination substrate, Marvin Minsky, diarization, social cognition

1 Introduction: The Theory That Waited for Its Medium

Marvin Minsky’s The Society of Mind [Minsky, 1986] proposed that intelligence is not a property of
any single mechanism but an emergent consequence of interaction among many simple agents, none of

which is intelligent in isolation. “We’ll show you that you can build a mind from many little parts, each



mindless by itself” [Minsky, 1986, Prologue]. The theory offered a radical alternative to the search for

unified principles of cognition: intelligence is organizational, not computational.

For forty years, this remained more metaphor than mechanism. The theory described what a society of
mind should look like — agents organized into agencies, communicating through K-lines and frames,
monitored by critics and censors — but did not specify the coordination substrate through which such
a society would operate. Push Singh’s EM-ONE [Singh, 2005], one of the most comprehensive imple-
mentation attempts, was an entirely symbolic architecture in which agents communicated through data
structures. Singh died in 2006, and EM-ONE never advanced beyond a prototype. Other implementa-
tions [Humphrys, 200s; DTIC, 1988] similarly operated in symbolic or narrow reinforcement-learning

domains.

Meanwhile, a separate lineage of multi-agent research developed. Distributed Artificial Intelligence
(DAI), pioneered by Victor Lesser and colleagues [Lesser, 1999; Durfee et al., 1989], established formal
frameworks for agent coordination, negotiation, and distributed problem-solving. The Actor Model
[Hewitt et al., 1973] provided a mathematical foundation for concurrent, message-passing computation.
Modern LLM-based multi-agent systems — AutoGen [Wu et al., 2023], CAMEL [Li et al,, 2023], and
others — have operationalized multi-agent collaboration, often citing Minsky as intellectual ancestry. Yet
these systems coordinate primarily through text: sequential message-passing in which agents exchange

strings of tokens.

This paper explores a different coordination substrate: the real-time meeting room. In a meeting room,
agents share not just messages but perceptual space — audio streams, video feeds, screen content, structured
data channels, interactive surfaces, and social feedback signals such as reactions and typing indicators. We
argue that this infrastructure draws meaningful architectural inspiration from Minsky’s framework, even
as the agents inhabiting it differ fundamentally from Minsky’s sub-cognitive primitives. We note that
several recent analyses have independently identified this resonance between Minsky’s SoM and modern
multi-agent Al [Kamal, 20255 Masood, 202s; Verhelst, 2025]. Our contribution is not the observation
that SoM ideas are relevant to multi-agent systems — others have made this point — but the proposal of a

specific coordination substrate and the analysis of its architectural properties.

A necessary caveat grounds our entire analysis. Minsky’s agents were mindless: sub-cognitive processes
with no internal intelligence, like individual neurons or reflexes. Modern LLM-based agents are mono-
lithic intelligences — each one capable, in isolation, of sophisticated reasoning. We do not claim that
placing LLMs in a meeting room constitutes a “literal instantiation” of the Society of Mind. That would
be a category error. What we propose is more specific: the infrastructure of a meeting room — its commu-
nication channels, its room topology, its persistent memory, its social feedback mechanisms — mirrors
the coordination substrate that Minsky’s theory implied. The agents are different; the organizational

architecture echoes.



Minsky himself emphasized this organizational level: “Constructing a mind is simply a different kind
of problem — of how to synthesize organizational systems that can support a large enough diversity of
different schemes, yet enable them to work together to exploit one another’s abilities” [quoted in Singh,

2003]. It is this organizational problem — the design of coordination infrastructure — that meeting rooms

address.

We present three contributions that connect Minsky’s organizational insights to multi-agent meeting

infrastructure, some components of which are operational and others proposed:

1. Prosody and turn-taking as social coordination layer. We argue that speaker diarization
and overlap detection constitute a computational analogue of the social monitoring that Minsky
identified as essential for coordinating a society of agents. This is the B-Brain applied to multi-agent

interaction.

2. Critics as trust primitives. We connect Minsky’s distributed critics and censors to a Trust
Production Model in which trust is accumulated negative meta-knowledge — the record of which

specific failure detectors have examined a system and not fired.

3. Meeting rooms as high-bandwidth shared perceptual space. We characterize what meeting
rooms provide beyond text-only coordination: concurrent multimodal channels, ambient aware-
ness, stigmergic traces, and social feedback loops that afford coordination patterns unavailable to

sequential message-passing systems.

The paper proceeds as follows. Section 2 provides a close reading of Minsky’s architectural concepts.
Section 3 maps these concepts onto meeting room infrastructure. Section 4 develops the prosody-as-
social-layer argument. Section s develops the critics-as-trust argument. Section 6 situates our work relative
to DAI, the Actor Model, and modern multi-agent frameworks. Section 7 proposes an experimental

design for empirical comparison. Section 8 discusses limitations, and Section 9 concludes.

2 Minsky’s Architecture: A Close Reading

A careful reading of The Society of Mind [Minsky, 1986], “K-Lines: A Theory of Memory” [Minsky,
1980a], The Emotion Machine [Minsky, 2006], and Minsky’s extended interviews [Minsky, n.d.] reveals
not merely a theory of cognition but a specification of coordination infrastructure. We highlight five

architectural elements relevant to our analysis.



2.1 Agents, Agencies, and Encapsulation

Minsky’s agents are “by themselves as valueless as aimless, scattered daubs of paint” [Minsky, 1986]. An
agency is a coordinated group of agents with internal structure hidden from outside: “Each subsociety of
mind must have its own internal epistemology and phenomenology, with most details private” [Minsky,
1980a]. The society is the whole, and critically, its power derives from organization: “The whole is more
than the sum of its parts, all right. The whole is exactly the parts and the way that they communicate with
each other” [Minsky, n.d.].

This is an encapsulation principle. Agencies expose interfaces, not internals. The society coordinates
through those interfaces. This architectural pattern — encapsulated components communicating through
structured interfaces — is precisely what meeting room infrastructure provides: agents publish and

subscribe to typed data channels without knowledge of other agents’ implementations.

2.2 K-Lines as Persistent Memory Traces

K-lines connect the agents that were active during a successful experience. Re-activating a K-line partially
recreates that mental state [Minsky, 1980a]. This is not symbolic recall but szate re-activation: the system

returns to a configuration similar to one that previously succeeded.

In meeting room infrastructure, persistent memory across sessions serves an analogous function. When
agents re-enter a room with accumulated meeting history — which agents participated, what was discussed,
which tools were invoked, what outcomes resulted — the system partially reactivates a prior coordination
state. This is not a claim that meeting memory s K-line memory in the cognitive sense. It is an observation
that the architectural pattern — persistent traces of successful configurations that can be partially reactivated

— appears in both systems.

2.3 Frames as Protocol Envelopes

Minsky’s frames [Minsky, 1974] are structured representations with slots, defaults, and expectations.
They provide the interface through which agents communicate without understanding internals: a frame

specifies what information is exchanged, not how each agent processes it.

Meeting room data channel protocols serve the same architectural function. A typed message envelope —
specifying message type, sender identity, timestamp, and structured payload — is a frame in Minsky’s sense:
a structured interface with defined slots that enables communication between agents with incompatible

internals.



2.4 The B-Brain: Monitoring the Society

Minsky proposed a “B-brain” whose function “is not to think about the outside world, but rather to
think about the world inside the mind” [Minsky, 1986]. Censors suppress unproductive actions before
they execute; suppressors intervene during execution. Together, they constitute an internal monitoring

layer that watches the society’s own dynamics.

This concept — a monitoring process that observes not the task domain but the coordination dynamics
of the agents themselves — maps onto what we will develop in Section 4 as the social coordination layer:
systems that monitor who is speaking, who was interrupted, whether turn-taking norms are maintained,

and whether social graces are preserved. The B-Brain is not task intelligence; it is coordination intelligence.

2.5 Administrative Structures as the Hard Problem

Perhaps Minsky’s most underappreciated insight is that the hard problem is administrative, not computa-

tional:

““General’ laws apply to everything. But, for that very reason, they can rarely explain anything in
particular.” [Minsky, 1986, Ch. 2]

“Computer languages of the future will be more concerned with goals and less with procedures

specified by the programmer.” [Minsky, 1969]

The challenge is not making agents clever — modern LLM:s are already remarkably capable — but syn-
thesizing organizational systems that let diverse agents coordinate. Minsky recognized this as a problem
of harness engineering: building the administrative infrastructure (event buses, tool registries, protocol
specifications) that makes coordination possible. As he noted informally: “It’s like a big corporation with

no one in charge, and I think it’s wonderful” [Minsky, n.d.].

3 The Meeting Room as Coordination Substrate

We now develop the central argument: meeting rooms provide a coordination substrate whose architec-

tural properties echo the infrastructure Minsky’s theory implied. We emphasize that the claim is about



infrastructure, not about the nature of the agents. LLMs in a meeting room are not Minsky’s mindless
agents. But the room itself — its channels, topology, memory, and feedback mechanisms — provides

organizational affordances that Minsky’s framework anticipated.

3.1 Shared Perceptual Space vs. Message Passing

The dominant paradigm in multi-agent LLM coordination is sequential text exchange: agents take
turns sending messages, often mediated by an orchestrator [Wu et al., 2023; Li et al., 2023]. This is

message-passing in the tradition of the Actor Model [Hewitt et al., 1973] and DAI [Lesser, 1999].

A meeting room provides something qualitatively different: a shared perceptual space. Agents simultane-
ously access audio streams, video feeds, screen content, and structured data channels. This concurrency
matters. In a text-only system, Agent A must explicitly describe what it observes for Agent B to act on
it. In a shared perceptual space, agents have overlapping access to the same environmental state — what
ecological psychologists call a shared affordance landscape and what multi-agent systems researchers call
stigmergic coordination [Theraulaz and Bonabeau, 1999]. In the meeting room context, stigmergic traces
include: shared documents that accumulate annotations, chat histories that persist as environmental
context, screen shares that make one agent’s work visible to all others, and reaction counts that signal
group sentiment without requiring explicit polling. These environmental traces enable coordination

without direct agent-to-agent messaging.

Minsky’s agents shared a perceptual world: “How many processes are going on, to keep that teacup level
in your grasp? There must be a hundred of them” [Minsky, 1986, Ch. 1]. The hundred processes do
not send messages to each other about the teacup’s position. They share perceptual access to the same
sensorimotor state. Meeting rooms provide a computational analogue of this shared access, albeit ata

much coarser grain.

3.2 Data Channels as Structured Communication Primitives

An operational meeting room system defines multiple structured data channel topics — for reactions, chat,
annotations, control signals, interactive UI surfaces, collaborative notebooks, and sub-room management.

Each topic carries typed message payloads with defined schemas.

This channel structure maps onto Minsky’s framework at two levels. First, each channel is a frame in
Minsky’s sense: a structured interface with slots and expectations. Second, the distinction between reliable
channels (guaranteed delivery, used for deliberate communication) and unreliable channels (best-effort,
used for ambient signals like reactions and presence indicators) mirrors what Minsky identified as the

difference between deliberate and ambient communication in a society of mind. Not all coordination is

10



explicit; much of it is environmental.

3.3 Room Topology as Dynamic Agency Structure

Minsky’s agencies are sub-societies with internal structure hidden from the parent society. In meeting
room infrastructure, breakout rooms (sometimes called fork rooms) serve exactly this function: a subset
of agents is partitioned into a sub-room to tackle a focused sub-problem, with internal discussion hidden
from the main room. When the sub-room completes, it reports results back to the main room via a

structured brief — exactly how Minsky’s agencies communicate results up to the society level.

Critically, this topology is dynamic. Agents create and dissolve sub-rooms as problems demand, restruc-
turing the society in real time. This dynamic organizational modularity — the ability to create, populate,
and dissolve agencies on the fly — is a coordination affordance that static message-passing topologies do

not provide.

3.4 Why Not an Erlang Process Tree?

A natural objection arises: if the claim is about organizational infrastructure, why not simply use an Erlang
process tree, a Kubernetes pod mesh, or any other message-passing concurrency framework? The Actor
Model [Hewitt et al., 1973] already provides encapsulated agents communicating through asynchronous

messages. What does a meeting room add?

Three things. First, bandwidth and modality. A meeting room carries audio, video, screen content, and
structured data simultaneously. An Erlang process tree carries serialized messages on a single channel.
The bandwidth gap matters because coordination signals are often ambient and multimodal - a pause in
speech, a reaction emoji, a screen share that makes context visually available without explicit description.
Second, social structure. Meeting rooms come with human-legible coordination norms: turn-taking,
hand-raising, reactions, presence indicators. These norms provide a ready-made coordination protocol
that does not need to be engineered from scratch. Third, human interoperability. Humans can join a
meeting room alongside agents, participating through the same channels. This is not possible with an
Erlang process tree without substantial interface engineering. The meeting room is natively a mixed

human-agent coordination space.

We do not claim these advantages are insurmountable for other architectures. We claim they are native
to meeting rooms, making the meeting room a particularly natural coordination substrate for Minsky-

inspired multi-agent organization.

11



3.5 The Room as Coordination Primitive

The key architectural insight is that the room is not a container for agents; it zs the coordination mechanism.
Without the room, agents are isolated capabilities that must be explicitly orchestrated. With the room,
they inhabit a shared environment that provides: shared attention (who is speaking), shared context
(what is being discussed), shared artifacts (screens, notebooks, interactive surfaces), and social feedback

(reactions, typing indicators, hand raises).

Minsky captured this principle: “The part of my brain that wants the drink of water doesn’t know
anything about walking, but it can exploit the other one” [Minsky, n.d.]. The exploitation happens not

through direct coupling but through a shared coordination space — what the room provides.

4 Prosody and Turn-Taking as Minsky’s Social Layer

We now develop our first and strongest contribution: the argument that prosody modeling, turn-taking
dynamics, and overlap detection constitute a computational analogue of the social coordination layer

that Minsky identified as essential for a functioning society of mind.

4.1 Minsky on Interruption and Coordination

Minsky explicitly discussed interruption as a cognitive coordination mechanism, not merely a social

convention:

“If you look at a sentence, you'll find that adult sentences have interruptions... I'm telling you
something... but suddenly it occurs to me maybe you don’t know which man it was, so I interrupt

myself and I interrupt you.” [Minsky, n.d.]

He connected this directly to computational coordination: “We had to invent things called short-term
interrupt memories” [Minsky, n.d.]. Interruption is not social noise; it is a coordination signal that

reallocates attention within the society.

Turn-taking, in this framing, is not politeness. It is a protocol for multiplexing a shared communication
channel (the audio stream) among multiple agents. Hand-raising is a scheduling primitive. Interruption

is a priority override. Silence following a question is a synchronization barrier. The social dynamics of

12



conversation are, at their core, coordination dynamics.

4.2 Sortformer Diarization as Social Perception

Sortformer [Park et al., 2024] provides permutation-resolved speaker diarization: the computational
primitive for tracking who is speaking, who interrupted, who yielded, and how speech overlaps in multi-
speaker environments. Overlap detection measures the degree of simultaneous speech — an empirical
signature of coordination breakdown (when agents talk over each other) or deliberate parallel processing

(when multiple streams of activity proceed simultaneously).

Recent work on distant conversational speech recognition [Cornell etal., 2026] and turn-taking prediction
in human-machine conversation [Lin et al., 2025] further develops the computational infrastructure for

perceiving social dynamics in real-time multi-speaker environments.

These capabilities give an agent society something Minsky’s theory required but could not implement:
perception of its own social dynamics. An agent equipped with diarization and overlap detection can
monitor not just the content of what is said but the coordination structure of how it is said — who
dominates the conversation, who is systematically interrupted, whether turn-taking is equitable, whether

the group is converging or fragmenting.

4.3 The Grace Check as a B-Brain Implementation

A social coordination layer that monitors agent interaction dynamics implements a “grace check” before
and during agent output. This layer evaluates measurable social behaviors: acknowledgment (did the
agent register what was said before responding?), turn-taking (did the agent wait for an appropriate
moment?), consent (did the agent seek agreement before taking consequential action?), transparency (did
the agent explain its reasoning?), handofts (did the agent transfer context cleanly when delegating?), and

escalation (did the agent involve a human when appropriate?).

This is Minsky’s B-brain: a process that monitors not the external task domain but the internal coor-
dination dynamics of the society. The six behaviors listed above map to specific censor and suppressor

functions — each one a specialized critic that detects a particular class of social coordination failure.

The scoring rubric (targeting adequate performance across core social dimensions) operationalizes what
Minsky described abstractly: “Each person must find his own way by building a private collection of
‘cognitive censors’ to suppress the kinds of mistakes he has discovered in the past” [Minsky, 1980ob]. The

grace check is a collection of social censors, each suppressing a specific class of coordination mistake.

13



4.4 Prosody as the Hidden Coordination Channel

Prosodic features — pitch contour, timing, volume, pauses, speech rate — carry coordination signals that
lexical content does not. A rising pitch at the end of a statement signals uncertainty and invites response.
A lengthened pause after a question signals that the floor is open. A sudden increase in speech rate signals

urgency. A drop in volume on a parenthetical signals that it is background context, not the main assertion.

In Minsky’s framework, these are the ambient communication channels through which agents coordinate
without explicit message-passing. Agent prosody modeling (via text-to-speech systems that support
prosodic control) is the transmission side; diarization and overlap detection is the reception side. This
bidirectional prosodic channel provides ambient coordination signals that allow a society of agents to

function smoothly without explicit orchestration of every interaction.

This is, we propose, the strongest connection between Minsky’s framework and meeting room infras-
tructure. Text-only multi-agent systems (AutoGen, CAMEL, and their descendants) lack this channel
entirely. They coordinate through explicit messages alone. Meeting rooms, by providing audio alongside
text, provide a social coordination channel that text-only systems cannot replicate. The significance of

this distinction is an empirical question we address in Section 7.

Notably, the emergence of natively multimodal AI models - GPT-40 [OpenAl, 2024], Gemini [Google,
2024], Moshi [Defossez et al., 2024] — that process audio directly rather than through speech-to-text
intermediaries suggests that the prosodic channel may become increasingly accessible to Al agents. As
models develop richer audio understanding, the coordination affordances of the meeting room’s audio

channel may grow proportionally.

5 Critics as Trust Primitives

Our second contribution connects Minsky’s critics and censors to a formal model of trust production in

multi-agent systems.

5.1 Minsky’s Critics and Negative Meta-Knowledge
Minsky developed the concept of critics across multiple works. In The Emotion Machine, he declared:

“Our Critics must be among our most precious resources” [Minsky, 2006]. In “Jokes and their Relation

to the Cognitive Unconscious,” he was more specific:

14



“Each person must find his own way by building a private collection of cognitive censors’ to suppress

the kinds of mistakes be has discovered in the past.” [Minsky, 1980b]

“For avoiding nonsense in general, we might accumulate millions of censors. For all we know, this
‘negative meta-knowledge’ — about patterns of thought and inference that have been found defective
or harmful — may be a large portion of all we know.” [Minsky, 1980b]

“Positive general principles need always to be supplemented by negative, anecdotal censors.” [Minsky,
1980b]

This is a remarkable claim: that a substantial portion of what we know is negative — knowledge of what
does not work, what patterns to avoid, what inferences are deceptive. Trust, in this framing, is not a
positive assessment (“this agent is reliable”) but an accumulated absence of alarm: none of the relevant

critics has fired.

5.2 Trust as Absence of Alarm

We propose that trust in multi-agent systems be understood through Minsky’s framework: trust is not a
computed score but the accumulated record of which critics have examined a system and not fired. A
trustworthy agent is not one that has been positively assessed; it is one against which a sufficiently diverse

population of critics has been deployed, and none has detected a problem.

This connects to the concept of Evidence-Carrying Patches in software engineering [aleatoric research,
2026a]: a code change is trustworthy not because of a trust score but because it carries evidence that
specific verification processes (critics, in Minsky’s terminology) have examined it and not fired alarms.
Each verification pass adds a censor to the evidence record. Trust accumulates as the censor population

grows without alarm.

The practical implication is that trust production requires three things: specification (defining which
critics should be deployed), execution (running the critics), and evidence (recording which critics were
run and what they found). This is computationally tractable in a way that “compute a trust score” is
not, because it decomposes the problem exactly as Minsky prescribed — into a distributed population of

specialized detectors, each responsible for a narrow class of failure.

15



5.3 Critics in Operational Multi-Agent Systems

In operational multi—agent meeting systems, critics manifest as concrete components. An injection guard
that scans memory content for prompt injection before including it in agent context is a Minsky censor: a
specialized agent whose sole function is to detect and suppress a specific class of harmful input. Pattern
detection, content sanitization, and size-limit enforcement are three distinct critics operating on the same

input — each one checking for a different failure mode.

The grace check described in Section 4.3 is likewise a critic population: six specialized detectors, each
monitoring for a specific class of social coordination failure. The rubric score is not a trust metric; it is a

summary of which critics fired and which did not.

Minsky anticipated this architecture with characteristic directness: “Every system that we build will
surprise us with new kinds of flaws until those machines become clever enough to conceal their faults
from us” [Minsky, 2006]. The response to perpetual surprise is not a single, ever-more-sophisticated
verification system but a growing population of specialized critics — exactly the architectural pattern that

Minsky prescribed and that meeting room infrastructure implements.

5.4 Limits of the Analogy

We note an important limitation. Minsky’s critics are internal cognitive processes that develop through
personal experience — “Each person must find his own way” [Minsky, 198ob]. The critics in a multi-agent
system are typically engineered and deployed by system designers, not learned by the agents themselves.
The architectural pattern (distributed, specialized failure detectors) is shared; the developmental process
(experiential vs. engineered) is not. Future work on agents that develop their own critics through meeting

participation would strengthen this connection.

6 Related Work: Situating the Meeting Room

6.1 Distributed Artificial Intelligence

The DAI tradition, pioneered by Lesser, Durfee, and colleagues [Lesser, 1999; Durfee et al., 1989], and
formalized by Wooldridge and Jennings [Wooldridge and Jennings, 199s], established rigorous frame-
works for multi-agent coordination: contract nets, negotiation protocols, shared mental models, and

organizational structures. Our work is situated within this tradition but proposes a specific coordination

16



substrate (the meeting room) rather than a general coordination framework.

The key distinction is modality. DAI systems coordinate through structured messages, often in domain-
specific languages. Meeting rooms add perceptual channels (audio, video) and social structure (turn-taking,
reactions) that afford coordination patterns beyond what message-passing alone supports. Whether these

additional affordances produce measurably better coordination is an empirical question (Section 7).

6.2 The Actor Model

Hewitt’s Actor Model [Hewitt et al., 1973] provides the mathematical foundation for concurrent, message-
passing computation: encapsulated agents that communicate asynchronously, with no shared mutable
state. The Actor Model eschews shared mutable state in favor of message passing; in contrast, meeting
rooms deliberately centralize shared perceptual state as the coordination medium. This is a different
abstraction-layer choice, not a formal contradiction: the room’s shared perceptual state could in principle
be modeled as actor-mediated message passing, but doing so would obscure the coordination affor-
dances that shared perception provides. Minsky’s agents shared a perceptual environment; the Actor
Model’s agents do not. We argue that shared perceptual state enables ambient awareness and stigmergic

coordination that pure message-passing architectures do not natively afford.

Erlang/OTP, the most successful industrial realization of the Actor Model, provides robust process
supervision and fault tolerance but no native support for multimodal perceptual sharing, social structure,

or human interoperability. These are the specific affordances meeting rooms add.

6.3 Modern LLM-Based Multi-Agent Systems

AutoGen [Wu et al,, 2023], CAMEL [Li et al,, 2023], and related frameworks have operationalized
multi-agent LLM collaboration through structured text exchange. CAMEL explicitly references Minsky’s
Society of Mind as intellectual ancestry, opening with his observation that “the trick is that there is no
trick” [Minsky, 1986, p. 308].

These systems demonstrate that multi-agent LLM coordination produces capabilities beyond single-agent
performance. Our work does not contest this. We propose that the coordination substrate matters: that
the same agents, coordinating through a meeting room rather than through text-only message-passing,
may exhibit different (and potentially richer) coordination dynamics. The experimental design in Section

7 is intended to test this proposition.

6.4 Natively Multimodal Al

17



The emergence of natively multimodal models — GPT-40 [OpenAl, 2024], Gemini [Google, 2024],
Moshi [Defossez et al., 2024] — that process audio and video alongside text creates new possibilities for
meeting room coordination. An agent that can perceive prosodic cues directly, rather than through the
lossy intermediary of speech-to-text, may exploit the meeting room’s social coordination channels more
effectively. We note this as an emerging capability that may strengthen the meeting-room-as-substrate

thesis as natively multimodal agents become standard.

6.5 SoM in Contemporary Al Discourse

Several recent analyses have identified the resonance between Minsky’s SoM and modern multi-agent
Al Kamal [2025] argues that “multi-agent setups today are basically operationalizing Society of Mind”
and identifies Mixture-of-Experts architectures as an internal analogue. Masood [2025] distinguishes
between SoM’s durable architectural principles and its dated computational mechanisms. Verhelst [2025]
frames the multi-agent paradigm as a return to Minsky’s original vision after decades of monolithic model

development.

Our contribution relative to these analyses is architectural specificity. We do not merely identify the
conceptual parallel between SoM and multi-agent AL We propose a specific coordination substrate (the
meeting room), a specific social mechanism (prosody and diarization), and a specific trust mechanism

(critics as negative meta-knowledge) that connect Minsky’s framework to concrete infrastructure design.

6.6 Meeting-Centric Al Systems

A growing ecosystem of Al-in-meetings systems provides important context for our proposal. Commercial
meeting Al tools — Otter.ai, Zoom AI Companion, Microsoft Copilot for Meetings, and Google Gemini
in Meet — augment human meetings with transcription, summarization, and action-item extraction.
These are single-agent systems that observe meetings as a data source; they do not participate in meetings
as coordination partners. The distinction matters: a meeting summarizer treats the meeting as input to

process, while our proposal treats the meeting room as a coordination substrate that agents inhabit.

Open-source voice agent frameworks — including LiveKit Agents [LiveKit, 2024] and Pipecat [Daily, 2024]
— provide infrastructure for building Al agents that participate in real-time audio and video sessions. These
frameworks provide the plumbing (WebRTC transport, speech-to-text, text-to-speech, turn detection)
but do not themselves propose a coordination theory. Our work builds on this infrastructure layer while

arguing for a specific organizational model inspired by Minsky’s framework.

Multi-agent reinforcement learning (MARL) surveys [Du et al., 2024; Liao et al., 2025] provide the formal

backdrop for distributed learning in multi-agent settings. Our proposed connection between meeting
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interaction and distributed feedback (Section s) is situated within this literature but proposes a difterent

learning substrate: naturalistic meeting interaction rather than reward-shaped game environments.

The Computer-Supported Cooperative Work (CSCW) tradition has studied human meeting dynamics
extensively, including turn-taking, floor control, and the coordination challenges of distributed meetings
[Grudin, 1994]. Our proposal extends this tradition by considering meetings where some or all participants
are Al agents, raising new questions about coordination norms, social structure, and the design of shared

perceptual spaces.

6.7 Multi-Agent Coordination Surveys

Recent comprehensive surveys of multi-agent coordination [Sun et al., 2025] provide taxonomies of
coordination mechanisms across diverse applications and explicitly reference SoM as a theoretical ancestor:
“The emerged intelligence is usually explained by the society of mind.” Lu et al. [2025] directly address
meetings as coordination primitives in multi-agent workflows. We differentiate our position: these
works model meetings as a workflow pattern (a phase in a task pipeline), while we argue meetings are a

coordination substrate (the medium through which all coordination occurs).

7 Experimental Design: Meeting Rooms vs. Text-Only Coordination

We have not yet conducted the empirical study described in this section. We present the experimental
design as a proposal for future work, intended to test the central claim that meeting room coordination

affords capabilities beyond text-only multi-agent systems.

7.1 Research Questions

RQr: Do multi-agent teams coordinating through a meeting room (multimodal: audio + text + data chan-
nels) outperform equivalent teams coordinating through text-only message-passing on shared analytical
tasks?

RQ2: Does the availability of prosodic cues (turn-taking signals, interruption, pacing) measurably

improve coordination efficiency (fewer clarifications, fewer redundant contributions, faster convergence)?

RQ3: Do agents in meeting rooms develop emergent coordination patterns (e.g., stable turn-taking

norms, specialization, deference hierarchies) that agents in text-only systems do not?
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7.2 Task Design

We propose three task types of increasing coordination complexity:

Task A — Shared Analysis (Low Coordination). Three agents analyze a document and produce a
summary. Each agent has access to a different section. Coordination requirement: information shar-
ing. Baseline expectation: text-only systems perform comparably, since the task requires only explicit

information exchange.

Task B — Collaborative Debugging (Medium Coordination). Three agents diagnose a software
bug distributed across three files. Each agent can inspect one file and must communicate findings.
Coordination requirement: hypothesis negotiation, partial-knowledge integration. Baseline expectation:
meeting room may provide advantages through ambient awareness (seeing what others are inspecting via

screen share) and prosodic cues (hearing uncertainty in a hypothesis).

Task C — Real-Time Decision Under Ambiguity (High Coordination). Three agents monitor a
simulated scenario with conflicting signals and must reach a consensus recommendation within a time
limit. Coordination requirement: rapid negotiation, attention management, conflict resolution. Baseline
expectation: meeting room provides significant advantages because the task demands real-time social

coordination that text-only systems handle poorly.

7.3 Conditions

Condition Communication Channels Social Signals

Text-Only Sequential text messages None

(AutoGen-style)

Text + Structure Text messages + typed data channels Typing indicators only

Full Meeting Room  Audio + text + data channels + screen share  Prosody, turn-taking, reactions,

presence

7.4 Metrics

* Task performance: Accuracy and completeness of output (Task A), time to correct diagnosis
(Task B), quality of consensus recommendation (Task C).

¢ Coordination efficiency: Number of clarification requests, number of redundant contributions,
total communication volume.

* Emergent coordination patterns: Turn-taking regularity (measured via diarization), specializa-
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tion (whether agents develop stable roles), conflict resolution patterns.

* Social coordination quality: Grace check scores across the six dimensions defined in Section 4.3.

7.5 Controls and Limitations

The comparison is necessarily imperfect. Meeting room agents require audio synthesis and processing
capabilities that text-only agents do not. We control for this by ensuring all agents use the same base LLM
and by measuring coordination-specific metrics (not just task performance). We acknowledge that any
performance differences may reflect the additional information bandwidth of audio rather than the social
coordination dynamics we hypothesize. Ablation studies that remove specific meeting room features (e.g.,
audio without prosodic analysis, data channels without reactions) would help isolate the contribution of

each component.

We also note that the proposed study measures coordination dynamics, not cognitive architecture. Even if
meeting room agents outperform text-only agents, this would demonstrate an infrastructure effect, not a
validation of Minsky’s cognitive theory. The SoM connection is architectural inspiration, not empirical

confirmation.

A complementary evaluation methodology is provided by ModylBench [aleatoric research, 2026b], a
benchmark for evaluating Al agents as meeting participants across six professional verticals. ModylBench’s
11 quality dimensions — spanning both conversational process (the journey) and tangible deliverables (the
destination) — and its multi-judge anti-gaming framework offer a concrete scoring infrastructure for the
experimental design proposed here. The grace check metrics described in Section 4.3 are closely related to

ModylBench’s turn-level social quality and adaptability dimensions.

8 Discussion

8.1 What Minsky Got Right
Our analysis suggests that several of Minsky’s architectural insights are directly relevant to multi-agent
coordination infrastructure:

Intelligence as coordination, not computation. The performance of modern multi-agent systems
depends more on how agents are organized than on the capability of any individual agent. This is Minsky’s

central claim, vindicated at a different scale.
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The necessity of administrative structures. The engineering effort in multi-agent systems goes over-
whelmingly into harness infrastructure — event buses, tool registries, protocol specifications, scheduling —
not into making individual agents smarter. Minsky recognized this organizational emphasis throughout
his work: “Constructing a mind is simply a different kind of problem — of how to synthesize organizational

systems” [quoted in Singh, 2003]. The hard problem is administrative, not computational.

Critics and censors as the verification primitive. The pattern of distributed, specialized failure
detectors appears throughout operational multi-agent systems: injection guards, output validators, social
graces checks, safety filters. Minsky’s framework provides a coherent theoretical account of why this

pattern works: trust requires a population of heterogeneous critics, not a single omniscient verifier.

Distributed feedback over centralized reward. Minsky’s critique of centralized reinforcement — “I
doubt this could suffice for human learning because the recognition of which events should be considered
memorable cannot be a single, uniform process” [Minsky, 1980a] — anticipates contemporary critiques
of RLHEF as a sole alignment mechanism. Meeting interaction provides distributed, local, contextual
feedback: each agent learns from its own interactions with other agents, not from a global reward signal.
We emphasize that this is currently realized as in-context learning and prompt adaptation from interaction
history, not as formal weight updates. The agents do not train from meeting feedback in the reinforcement

learning sense; they accumulate interaction history that shapes subsequent behavior.

8.2 What Minsky’s Framework Does Not Capture

The agents are not mindless. This is the fundamental disanalogy. Minsky’s society gains its power from
the interaction of simple agents. A meeting room of LLMs is an interaction of sophisticated agents. The
coordination substrate may echo Minsky’s architecture, but the agents are of a fundamentally different
character. This means that some SoM predictions (e.g., about emergent intelligence from mindless
components) do not straightforwardly apply. However, organizational theory provides precedent for
studying coordination architecture independently of agent granularity: the principles of organizational
design — division of labor, encapsulation, communication protocols, hierarchical decomposition — apply
whether the organizational units are individuals, departments, or autonomous systems [Simon, 1962;
Galbraith, 1974]. We claim that Minsky’s organizational insights belong to this class: they describe
coordination infrastructure, and coordination infrastructure can be studied independently of whether

the coordinated entities are simple or complex.

Real-time perception was underspecified. Minsky’s agents communicated symbolically. The sensory
richness of a meeting room - real-time audio, video, screen content — was not part of his framework.
The meeting room adds perceptual bandwidth that Minsky did not theorize. This is an extension of his

framework, not a derivation from it.
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Scale economics were not anticipated. Minsky did not foresee the near-zero marginal cost of instanti-
ating an Al agent. A society of mind with millions of agents was a thought experiment for Minskys; it is
an engineering reality for cloud-hosted LLMs. The economic dynamics of large-scale agent societies —

cost, scheduling, resource allocation — are outside Minsky’s framework.

8.3 Limitations of This Work

Single-system evidence. Our architectural analysis draws on a single multi-agent meeting system.

Generalization to other systems requires independent replication.

No empirical results. The experimental design in Section 7 is a proposal, not a report. Our claims about

the advantages of meeting room coordination over text-only coordination remain theoretical until tested.

Mixed operational status. We are transparent about what is and is not built. The following components
are operational: data channel protocol (45+ message types across 11 topics), fork room dynamics, meeting
memory persistence via Letta, and injection guards. The following are proposed designs not yet deployed:
sortformer diarization integration, the social graces monitoring layer, and the experimental study described
in Section 7. This paper is a position paper that draws on partially operational infrastructure to motivate

architectural proposals.

Prosody integration is aspirational. The connection between sortformer diarization and social co-
ordination is a design argument, not a deployed capability. The proposed B-Brain monitoring layer is

specified but not yet operational.

The analogy has limits. We have been careful to frame the connection between SoM and meeting
rooms as architectural inspiration, not literal instantiation. Some readers may find even this weaker claim
overstated. We accept this critique and note that the value of the SoM framing lies in the specific design
insights it generates (distributed critics, social coordination monitoring, encapsulated agencies), not in

any claim of theoretical derivation.

9 Conclusion

Minsky’s Society of Mind proposed that intelligence emerges from the coordinated interaction of simple
agents communicating through structured interfaces. We have explored how real-time meeting rooms —
with shared perceptual space, structured data channels, dynamic room topology, persistent memory, and

social feedback mechanisms — provide a coordination substrate whose architectural properties echo the
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infrastructure Minsky’s theory implied.

Our three contributions are:

1. Prosody and turn-taking as social coordination. Speaker diarization and overlap detection
provide a computational analogue of Minsky’s B-Brain: a monitoring process that observes the
coordination dynamics of the agent society itself, not the external task domain. This contribu-
tion identifies a specific, implementable mechanism for social coordination monitoring that is

unavailable to text-only multi-agent systems.

2. Trust as accumulated negative meta-knowledge. Minsky’s critics and censors map onto a Trust
Production Model in which trust is not a unitary score but the accumulated record of which failure
detectors have examined a system and not fired. This reframing has practical implications for how
we build verification infrastructure in multi-agent systems: deploy diverse, specialized critics rather

than seeking a single omniscient verifier.

3. Meeting rooms as high-bandwidth shared perceptual space. The meeting room affords coor-
dination patterns — ambient awareness, stigmergic traces, social feedback, concurrent multimodal
channels — that text-only message-passing systems do not provide. Whether these affordances

produce measurably better coordination is an empirical question we have proposed to test.

We do not claim that meeting rooms are the Society of Mind realized. Minsky’s agents were mindless;
ours are not. Minsky’s society was a theory of cognition; ours is an infrastructure for coordination. But
the organizational insights — that intelligence is coordination, that administrative structures matter more
than raw capability, that trust requires a distributed population of critics, that social dynamics are not
polish but protocol - these insights, articulated forty years ago, find a natural echo in the infrastructure

of agent meeting rooms.

Minsky concluded The Society of Mind with the observation that “what magical trick makes us intel-
ligent? The trick is that there is no trick. The power of intelligence stems from our vast diversity, not
from any single, perfect principle” [Minsky, 1986, p. 308]. Meeting rooms are not a trick. They are a
substrate for diversity — a space where agents with different capabilities, different knowledge, and different
perspectives can coordinate through shared perceptual access, structured protocols, and social feedback.

The intelligence, if it emerges, will come not from any single agent but from the room.
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